
EM Algorithm and ZIP models
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Recap: EM algorithm for ZIP models
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EM algorithm
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EM algorithm in general
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Let ⊖ be an murrain parameter wewant to

estimate . Let -1 be a set of observed data,

2- a set of unobserved latent/missing data .
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Class activity

https://sta712-f22.github.io/class_activities/ca_lecture_31.html
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Assessing the shape assumption

5 / 6



Logistic component vs. Poisson component
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